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ABSTRACT 

This paper examines whether the global acceleration of artificial intelligence (AI) investment is 

translating into meaningful capital formation for African AI startups or instead widening a gap 

between investor expectations and local market realities. The study uses a mixed methods design 

that combines recent African technology funding trends, a survey of 426 technology startup 

respondents in Lagos, Nigeria, and one semi structured interview with 9 African industry leaders. 

The quantitative evidence is descriptive rather than causal: it measures perceived effects of foreign 

capital, global operating practices, policy readiness, and business performance. Across ten funding 

related items, respondents reported a generally positive perception of foreign capital (overall 

construct mean = 3.73/5), particularly for infrastructure scaling, technical salary competitiveness, 

and cash runway support. Yet policy readiness was materially weaker (mean = 2.65/5), while 

global/local adaptation scored 3.61/5. The interviews reinforce this duality: foreign capital was 

described as valuable for growth, expertise and global operating standards, but also as a source of 

unrealistic expectations when investors lack familiarity with fragmented markets, infrastructure 

constraints and lower consumer purchasing power. Secondary funding evidence further indicates 

that African technology finance has recovered through larger and more debt heavy transactions, 

while AI funding remains concentrated and volatile. The paper argues that global AI enthusiasm 

is therefore generating real capital inflows, but not automatically the kind of capital most 

compatible with African operating conditions. The strongest opportunity is an applied AI model 

built around sector specific automation, frugal infrastructure use, local data advantages and 

diversified financing. The paper concludes with a Local Alignment AI Framework for assessing 

capital fit alongside capital volume. 

 

Keywords: Artificial Intelligence; Venture Capital; African Startups; Applied AI; Capital 

Allocation; Frugal Innovation; Emerging Market Finance; Institutional Voids; Lagos; Local 

Alignment. 

 

1. INTRODUCTION 
The global investment cycle surrounding artificial intelligence has altered the logic of venture 

financing. AI is increasingly treated not simply as another software category but as a strategic 

technology layer spanning data infrastructure, model development, cloud services, enterprise 

automation, financial services, health, agriculture and logistics. At the same time, African 

technology ecosystems remain capital constrained and highly heterogeneous. The central question 
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is therefore not whether AI is attracting attention it plainly is but whether that attention is 

translating into productive, appropriately structured capital for African founded ventures. 

The supplied research framing identifies a paradox: global investor interest in AI has risen sharply 

while African startups still face constrained access to growth capital and uneven market 

infrastructure. Recent African funding data support the persistence of this structural tension. 

Partech reports that total African technology funding reached US$4.1 billion in 2025, up 25% year 

on year, but the increase was driven disproportionately by debt, with debt funding rising to 

US$1.64 billion, while equity reached about US$2.41 billion. The same report notes that the four 

largest ecosystems Kenya, South Africa, Egypt and Nigeria captured 72% of total funding in 2025. 

These figures imply recovery, but they do not imply broad based access to equity or a continent 

wide diffusion of AI capital. 

Disrupt Africa’s 2025 sectoral data are similarly revealing. African AI startups raised 

approximately US$48.3 million in 2025, a sharp increase from US$13.8 million in 2024, yet the 

2025 figure remained below the sector’s 2021 and 2022 levels of about US$94.5 million and 

US$110.8 million respectively. AI therefore appears to be returning as an investment theme, but 

the trajectory is uneven rather than a simple upward trend. The distinction matters because a 

globally fashionable category can attract capital without generating proportional financing for 

locally embedded ventures. 

This paper treats the funding question as a problem of capital fit. Capital fit refers to the degree to 

which a venture’s financing structure, investor expectations and performance horizon match the 

economic, infrastructural and institutional conditions in which the firm operates. This perspective 

moves beyond the binary question of whether foreign capital is “good” or “bad.” Instead, it asks: 

What kind of AI is being financed? Which ventures can absorb the capital without destroying unit 

economics? Which financing mechanisms suit local cash flows and currency conditions? And do 

investor expectations reflect the realities of African customers, infrastructure and regulation? 

The paper makes three contributions. First, it connects recent African funding trends to the specific 

economics of AI, distinguishing capital-intensive frontier AI from applied AI embedded in existing 

sectors. Second, it brings locally grounded evidence into the analysis through a 426-response 

Lagos technology startup survey and semi structured interviews. Third, it proposes a Local 

Alignment AI Framework that treats infrastructure, currency risk, data availability, customer 

affordability, financing mix and operational moats as co determinants of investability. 

 

1.1 Research questions 

● RQ1: To what extent is the global AI investment cycle translating into real capital and 

financing benefits for African technology startups? 

● RQ2: What evidence suggests a disconnect between foreign investor expectations and local 

African market realities? 

● RQ3: Which financing and operating characteristics appear most compatible with sustainable 

AI venture development in African markets? 

2. LITERATURE REVIEW AND THEORETICAL FRAMING 

The literature relevant to this study sits at the intersection of venture capital allocation, institutional 

voids, digital entrepreneurship, frugal innovation and AI adoption in Africa. Taken together, these 

literatures suggest that an increase in capital supply does not necessarily eliminate the structural 
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frictions that shape who receive capital, on what terms, and for which types of innovation. 

 

2.1 Venture capital allocation and unequal access 

Recent research directly challenges a simple “more capital equals more inclusion” narrative. 

Kabengele and Hahn (2025), using 37 interviews and a qualitative comparative analysis of 335 

African fintech startups, show that startup location, founder origin and international networks 

shape access to venture capital. Their account of investor homophily is especially relevant: where 

institutions are uncertain, investors may rely on familiarity as a way of reducing perceived 

information asymmetry. This can make international networks valuable but can also privilege 

founders who resemble investors or can translate local opportunity into globally familiar terms. 

Mkalama and Ouma (2025) similarly show that venture capital accumulation in Africa has been 

socially and spatially uneven. Their argument is not that capital is absent, but that its distribution 

is mediated by geography, founder characteristics, skills and historically embedded power 

relations. 

These findings matter for AI because AI can intensify information asymmetry. Frontier AI 

ventures often require highly technical due diligence, long development cycles, substantial 

compute expenditure and large follow-on rounds. Investors that do not understand local markets 

may therefore substitute global AI comparables for local commercial evidence. The result can be 

a paradox: an African startup may become more attractive because it labels itself “AI,” while 

simultaneously becoming less attractive if its local business model cannot support the growth 

expectations implied by global AI valuations. 

 

2.2 Institutional voids and the cost of operating locally 

Institutional void research provides a second layer of explanation. Liedong et al. (2020) review 

how weak or incomplete market supporting institutions influence firms’ resource commitment in 

emerging markets. Sydow et al. (2022), examining 47 entrepreneurs in Kenya, show that 

entrepreneurs often respond to institutional voids through workaround practices, relationship 

orchestration and the hybridization of commercial and social goals. Luiz et al. (2021) likewise 

show that firms facing institutional voids adapt their strategies according to the institutional 

resources and advantages available in their home environments. In practical terms, the “same” 

business model can have different capital requirements in different institutional contexts because 

the firm must absorb costs that would be externalized or standardized in more mature markets. 

The interview evidences in this study is consistent with this perspective. The respondent described 

foreign investors as helpful precisely because they bring expertise, capital and global operating 

standards, but also observed that foreign investors can underestimate the effects of fragmented 

markets, infrastructure gaps, security, power availability and lower consumer purchasing power. 

These observations suggest that local market realities are not peripheral constraints; they are part 

of the production function of the startup itself. 

 

2.3 Frugal innovation and applied AI 

Frugal innovation literature offers a useful counterpoint to capital intensive frontier AI. Hossain 

(2020) shows that frugal innovation is rooted in developing solutions for underserved customers 

under resource constraints. Hossain (2022) further demonstrates that frugal entrepreneurs mobilize 
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human, social and financial resources in combinations suited to resource constrained 

environments. Levänen et al. (2022) argue that sustainability outcomes depend not only on 

technical innovation but also on business model design and the ability to respond simultaneously 

to societal and operational pressures. 

Applied AI fits this logic more closely than the most compute intensive forms of frontier AI. In 

African fintech, agritech, healthtech and logistics, AI can often create value through demand 

prediction, fraud detection, routing, customer support, credit scoring, language interfaces or 

workflow automation without the startup owning massive model training infrastructure. This does 

not make applied AI technologically trivial; rather, it shifts the source of advantage from raw 

compute to domain data, workflow integration, distribution, customer trust and cost discipline. 

 

2.4 AI adoption in African contexts 

Research on AI in Africa emphasizes that adoption is strongly shaped by infrastructure, skills, data 

availability, governance and inclusion. Gwagwa et al. (2020) identify infrastructure, policy and 

social dimensions as central to AI deployment. Kondo and Diwani (2023), in a bibliometric 

analysis of 1,646 AI related publications, document rapid growth in African AI research but also 

strong concentration among a small number of countries and institutions. Sinde et al. (2023) 

similarly emphasize the role of responsible adoption, local capabilities and the relationship 

between academia and industry. Okolo et al. (2023) highlight insufficient infrastructure, limited 

local AI talent, data constraints and governmental barriers. These studies imply that the 

investability of AI in Africa depends on ecosystem conditions, not only technical novelty. 

This literature suggests a testable proposition for the present study: where global investors 

prioritize frontier AI characteristics but local ventures derive value from adaptation, integration 

and resource efficiency, the composition of incoming capital can be misaligned even when its 

absolute amount is rising. The relevant outcome is therefore not simply capital inflow, but capital 

to market fit. 

 

3. METHODOLOGY 

This study adopts a convergent mixed methods design. Three evidence streams were combined: 

(1) recent secondary funding data on African technology and AI financing; (2) descriptive survey 

evidence from Lagos technology startups; and (3) qualitative interviews evidence from 9 startup 

leaders in the African tech eco system. The design is intended to triangulate broad funding 

conditions with local perceptions and operational experience. 

 

3.1 Secondary funding trend evidence 

Because the supplied materials did not contain the underlying transaction level venture database 

referenced in the original abstract, the present paper does not claim to have independently analyzed 

a proprietary 2020–2026 cross country deal file. Instead, it uses publicly reported African funding 

trend data from Partech and Disrupt Africa to establish the macro financing context. This is a 

deliberate methodological correction: it preserves the research question while avoiding 

unsupported claims about transaction level data that were not provided. 

The secondary analysis focuses on three dimensions: total African technology funding; the equity 

versus debt composition of financing; and the trajectory and concentration of AI specific startup 
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funding. The objective is not to treat industry trackers as causal evidence, but to identify directional 

patterns that can be interpreted alongside the survey and interview. 

 

3.2 Survey sample and measures 

The survey contains 426 responses from technology startups in Lagos. The sample comprises 156 

fintech respondents, 156 respondents from general technology/software/digital platform startups, 

64 from healthtech and 50 from agritech. The reported roles are 97 founders/co-founders, 173 

managers or senior staff, 117 employees and 39 consultants/advisors. A total of 275 respondents 

reported exposure to international markets, while 151 reported no such exposure. The survey is 

therefore best interpreted as evidence from the Lagos technology ecosystem rather than a 

representative probability sample of African AI startups. 

The analysis retains the survey content most directly connected to the research question: the ten 

item foreign capital construct (OBJ1), the ten item global/local adaptation construct (OBJ3), the 

ten item policy readiness construct (OBJ4), and the eight item startup performance construct 

(SECF). Items concerning purely operational technology efficiency were excluded unless they 

informed the capital/local fit interpretation. The analysis reports descriptive means and dispersion; 

no causal inference is made from the cross-sectional design. 

 

3.3 Interview and qualitative analysis 

The interview describes 9 respondents working as a key leader at some leading Nigerian 

technology firms. Only statements directly relevant to foreign investment, local market 

expectations, technology enabled efficiency, global operating practices, policy timing, and 

financing support were retained. Content on teamwork, generic cultural differences, or technology 

adoption was omitted where it did not bear directly on the funding/local reality question. The 

interviews were coded thematically around: benefits of foreign capital; investor market knowledge 

gaps; infrastructure and affordability constraints; value of global networks; policy lag; and the case 

for local or blended support. 

 

4. RESULTS 

4.1 African funding trend: recovery without broad based equity expansion 

The most recent funding evidence indicates a market that is recovering in aggregate but changing 

in composition. Partech reports that African technology funding reached US$4.1 billion in 2025, 

up 25% from 2024, while deal count increased only 7% to 570. Crucially, debt rose 63% to 

US$1.64 billion, whereas equity increased only 8% to US$2.41 billion. Funding therefore grew 

faster than the number of transactions, suggesting larger average tickets and a financing mix 

increasingly reliant on debt. Partech also reports that Kenya, South Africa, Egypt and Nigeria 

accounted for 72% of total funding, demonstrating continued hub concentration. 

AI specific funding shows a similar combination of recovery and fragility. Disrupt Africa reports 

that sixteen AI startups received funding in 2025 and raised approximately US$48.3 million, up 

from US$13.8 million in 2024. Yet 2025 remained well below the 2021 and 2022 AI funding levels 

of approximately US$94.5 million and US$110.8 million. The funding cycle therefore does not 

support the idea of a smooth AI supercycle in Africa. Instead, the data suggest a rebound from a 

low base, occurring within an ecosystem where capital is increasingly selective and concentrated. 
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Taken together, these trends answer part of RQ1: global AI interest is generating real capital 

opportunities, but the capital is neither proportionate to global AI investment nor evenly distributed 

across African ventures. The quantity of funding alone therefore overstates the degree to which 

the African startup ecosystem has been integrated into the global AI capital cycle. 

 

4.2 Survey evidence: foreign capital is valued, but enabling conditions lag 

The strongest quantitative result is that respondents broadly perceived foreign capital as beneficial. 

The ten item foreign capital construct had a mean of 3.73/5 (SD = 0.64). Among individual items, 

the highest mean ratings were for foreign financed infrastructure scaling (3.79), competitive 

technical salary support (3.78) and cash runway stabilization (3.76). The lowest item scores were 

still above the neutral midpoint: global venture networks widening market access (3.69) and 

foreign capital absorbing structural overhead (3.69). This pattern is consistent with the 

interviewee’s description of foreign investment as “very helpful” for growth and access to 

experienced investors. 

Table 1. Descriptive statistics for the study constructs. 

Construct N Mean SD 

Foreign capital 

benefits 
426 3.73 0.64 

Global/local 

adaptation 
426 3.61 0.64 

Policy readiness 426 2.65 0.67 

Startup performance 426 3.84 0.63 

 

OBJ1_Q5 averaged 3.79/5: FDI permits infrastructure scaling beyond local market capacities. 

OBJ1_Q10 averaged 3.78/5: Equity capital matches globally competitive technical salary bands. 

OBJ1_Q1 averaged 3.76/5: Foreign capital flows significantly stabilize our cash runway 

requirements. 

OBJ1_Q4 averaged 3.74/5: Foreign equity partnerships introduce strict corporate governance 

standards. 

The contrast becomes clearer when the policy readiness construct is examined. Its overall mean is 

2.65/5 (SD = 0.67), roughly one full scale point below the foreign capital construct. Every policy 

item remained below 2.70. The weakest item was confidence that current fiscal framework stability 

permits safe five-year planning (2.58), followed by regulatory sandbox access (2.63), cross border 

payment directives (2.63), and trade association bridging of regulatory disconnects (2.63). This 

gap suggests that the principal problem is not a complete absence of capital benefits; it is the 

mismatch between capital inflows and the institutional conditions required to convert them into 

predictable growth. 

The global/local adaptation construct averaged 3.61/5, indicating that respondents generally saw 

value in global practices but also recognized the need for local modification. The startup 

performance construct averaged 3.84/5, suggesting relatively positive self-reported business 

outcomes. However, simple correlations between the composite scales were weak in this dataset 

(foreign capital with performance r = 0.03; foreign capital with adaptation r = 0.07). These weak 

correlations are not evidence that capital does not matter; rather, they indicate that perceived 

http://ijbmer.org/


International Journal of Business Management and Economic Review 

                                                                                                                           Vol. 9, No. 05; 2026 

                                                                                                                               ISSN: 2581-4664 

http://ijbmer.org/ Page 26 
 

foreign capital benefit and self-reported performance are not linearly coupled in this cross-

sectional sample. Many intervening factors—sector, business model, firm age, market conditions 

and management capability—are likely to matter. 

 

4.3 Exposure to international markets does not eliminate the local fit problem 

Respondents with international market exposure did not report meaningfully higher foreign capital 

benefit scores than respondents without such exposure. The mean foreign capital score was 3.70 

among internationally exposed respondents and 3.77 among those without exposure. Likewise, 

policy readiness scores were 2.63 and 2.68 respectively. These differences are small. The result is 

important because it suggests that the local fit challenge is not simply a problem affecting firms 

that have never interacted internationally; it may persist even when firms are already accustomed 

to cross border markets and investors. 

 
Figure 1. Mean scores for the four study constructs. Scale: 1 = strongly disagree; 5 = strongly 

agree. 

4.4 Interview evidence: foreign capital creates both leverage and pressure 

The interviews offer a useful explanation for the survey pattern. The respondent described foreign 

investors as the majority of the startup’s investor base and emphasized that the capital enabled 

growth and provided access to experienced people who had operated at a high level. The 

respondent also identified global standards as an important benefit: external investors could 

encourage African startups to believe that they could reach globally competitive levels. This is a 

genuine value of foreign capital that cannot be reduced to the cash itself. 

At the same time, the respondent identified a recurring expectation gap. Foreign investors were 

said to misunderstand the “nuances” of African markets, especially when comparing a large 
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middle-class market such as the United States with highly fragmented African markets where 

consumer purchasing power is lower. Infrastructure and context were also cited: power, security, 

religion, payment behavior and customer trust can change the cost and feasibility of a business 

model. The respondent’s point is analytically important because these conditions directly affect 

revenue assumptions, customer acquisition costs, support costs, working capital and therefore 

startup valuation. 

The interviews also highlight a second channel of global/local tension: practices imported from 

global networks can be inappropriate when they are not adapted to local conditions. The 

respondent gave practical examples involving work schedules, connectivity and assumptions about 

customer affordability. The implication for investment is direct. An investor who imports 

benchmark assumptions without adjusting for local operating conditions may push a startup toward 

a growth plan that looks globally familiar but is locally expensive. 

Finally, the respondent argued for more early-stage public support, grants and networking 

structures that connect smaller startups with established companies. This recommendation is 

consistent with the idea of a blended ecosystem in which government and local institutions help 

absorb early experimentation risk, allowing private capital to enter later at a stage where 

commercial viability is easier to assess. 

 

5. DISCUSSION 

The evidence supports a nuanced answer to the paper’s central question. Global AI enthusiasm is 

driving real capital to Africa, but the transmission mechanism is selective and the capital is not 

always aligned with local market realities. The result is better described as a partial capital inflow 

combined with a persistent capital fit problem. 

 

5.1 Capital is arriving, but the composition matters 

The 2025 funding rebound demonstrates that African technology startups are not disconnected 

from global capital markets. Yet the increase in debt relative to equity is significant. Debt can be 

useful for infrastructure and working capital requirements, especially for startups with predictable 

cash flows, but it can also be less forgiving for firms with uncertain revenue trajectories. For early-

stage AI ventures, where experimentation and model iteration can be costly, debt may become a 

pressure point unless revenue is sufficiently stable. The shift toward debt therefore does not simply 

mean “more funding”; it changes the risk carried by the startup. 

This helps explain why local and hybrid finance deserve more attention. The supplied interviews 

explicitly recommend grants and governmental support at earlier stages. Recent venture literature 

likewise treats entrepreneurial finance as a portfolio of instruments rather than a single VC model 

(Cumming et al., 2019). In the African context, the optimal financing stack may include grants for 

experimentation, local equity for market building, foreign strategic equity for technical scale and 

networks, and debt where cash flows can support it. 

 

5.2 AI labels can attract capital without solving the business model 

The risk of “AI washing” follows from the mismatch between global investor narratives and local 

venture economics. A startup may add AI to its pitch because global investors have increased their 

AI allocation mandates. But if AI does not improve customer acquisition, retention, fraud losses, 
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operating costs, decision quality or revenue in a measurable way, the label creates neither a durable 

moat nor a sustainable economics story. In a market where customers have lower purchasing power 

and infrastructure is less reliable, the cost of maintaining a compute heavy architecture can rapidly 

erode margins. 

The more defensible strategy is applied AI. Instead of competing with US or European firms to 

train foundation models, African startups can build value around proprietary local workflows, 

customer relationships, distribution channels and domain specific datasets. Such ventures may use 

external models while differentiating through implementation and local context. This approach is 

closer to the frugal innovation literature because it treats constraints as design parameters rather 

than temporary inconveniences (Hossain, 2020, 2022). 

 

5.3 The local market is not merely a constraint; it can be the source of advantage 

A common framing of African startups is that they must “overcome” local constraints before they 

can become globally competitive. The evidence suggests a more productive interpretation. 

Fragmentation, low trust environments, weak infrastructure and heterogeneous customer needs 

create costs, but they also generate specialized knowledge. Startups that learn to work across these 

conditions can develop organizational and technological capabilities that are difficult for external 

entrants to reproduce quickly. The resulting moat is not the AI model alone; it is the integration of 

AI with local distribution, customer trust, data practices and operational routines. 

This point is consistent with Sydow et al. (2022), who show that entrepreneurs in institutional 

voids often become microinstitutional agents, and with Luiz et al. (2021), who emphasize the role 

of home country context and institutional knowledge in shaping strategy. The implication for 

investors is that local adaptation should not be treated as a sign of underdevelopment or a deviation 

from a “standard” model. It may be part of the venture’s defensibility. 

 

5.4 Why the funding disconnect persists 

The literature and evidence suggest at least four reinforcing mechanisms. First is information 

asymmetry: foreign investors may have less direct knowledge of local institutions and customers. 

Second is investor homophily: in uncertain environments, familiarity can become a screening 

mechanism (Kabengele & Hahn, 2025). Third is ecosystem concentration: capital follows 

established hubs where investors already have networks and comparable data (Mkalama & Ouma, 

2025; Partech Partners, 2026). Fourth is metric mismatch: investors may prioritize scale narratives, 

valuation comparables and frontier technology benchmarks that do not match the unit economics 

of locally constrained markets. 

These mechanisms can create a self-reinforcing loop. Capital goes to the hubs and founders that 

investors already understand; those funded firms build stronger networks and fundraising histories; 

investors then use those same histories as evidence that the model works. Less connected startups, 

including technically strong applied AI firms, may receive less attention because their value 

proposition is more difficult to benchmark. Global AI hype can therefore amplify concentration 

rather than diffuse capital evenly. 
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6. THE LOCAL ALIGNMENT AI FRAMEWORK 

Based on the combined evidence, this study proposes a six-dimension Local Alignment AI 

Framework (LAAF). The framework does not replace conventional investment diligence. Instead, 

it adds an explicit African market fit layer to AI investment analysis. 

Table 2. Local Alignment AI Framework (LAAF). 

Dimension Core question 
Evidence investors should 

test 

1. Infrastructure fit 

Can the product operate 

reliably under local 

connectivity, power and 

compute constraints? 

Cloud dependence, 

redundancy, latency, offline 

capability, energy cost, data 

hosting requirements 

2. Demand and affordability fit 

Does the AI enabled offer 

solve a problem customers can 

and will pay for? 

Customer willingness to pay, 

price sensitivity, retention, 

sector specific ROI, enterprise 

procurement cycles 

3. Data and domain moat 

What locally embedded data or 

workflow knowledge makes 

the solution defensible? 

Proprietary datasets, 

distribution access, domain 

partnerships, language/local 

context advantage 

4. Currency and capital 

structure fit 

Can the startup withstand 

currency volatility and the 

obligations of its financing 

mix? 

Currency mismatch, debt 

service capacity, runway, 

follow on equity needs, 

hedging or local currency 

options 

5. Institutional and regulatory 

fit 

Does the operating model 

match the pace and structure of 

local regulation? 

Licensing, tax friction, data 

protection, policy uncertainty, 

regulatory engagement 

capacity 

6. Global network fit 

Does international capital add 

capabilities without imposing 

unrealistic operating 

assumptions? 

Investor local market 

expertise, board support, 

technical resources, 

international customers, 

expectation alignment 

The framework produces an important shift in investment evaluation. The question becomes not 

“How much AI can this startup build?” but “How much value can this startup sustainably capture 

from AI under its actual market conditions?” This favors ventures in which AI is tightly coupled 

to cash generating workflows rather than ventures whose primary investment proposition is 

exposure to an AI narrative. 

 

7. IMPLICATIONS 

7.1 Implications for founders 

Founders should resist optimizing their companies exclusively for global funding narratives. An 

AI strategy should be expressed through measurable operating outcomes: lower fraud, faster 
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onboarding, improved route efficiency, greater clinical throughput, better agricultural decisions, 

lower support costs, or higher conversion. Where external investors bring valuable technical or 

market expertise, founders should also be willing to challenge assumptions that are not locally 

valid. Capital should be negotiated not only in terms of valuation, but also in terms of board 

expertise, strategic resources and realistic growth expectations. 

 

7.2 Implications for investors 

Investors should expand diligence beyond headline AI capability. Local customer affordability, 

infrastructure resilience and currency risk should be part of the base case rather than downside 

scenarios. Investors could also reduce information asymmetry by partnering with local investors, 

ecosystem intermediaries and domain experts. This is particularly important given the literature 

on investor homophily and the risk that unfamiliarity with local institutions becomes a proxy for 

founder or market quality. 

 

7.3 Implications for policymakers 

The survey’s weak policy readiness scores and the interviewee’s call for early-stage support point 

to a role for catalytic public finance. Grants, tax incentives, targeted infrastructure support, 

regulatory sandboxes and public private procurement can reduce early-stage risk without trying to 

replace private capital. Public policy should also focus on data infrastructure, digital identity, 

reliable connectivity and energy reliability because these are not “AI policy” in a narrow sense but 

are part of the operating environment required for AI commercialization. 

 

7.4 Implications for development finance and ecosystem builders 

Development finance institutions and accelerators can fill the gap between grant funded 

experimentation and conventional venture rounds by providing patient capital, technical assistance 

and market access partnerships. Direct networking between startups and larger firms, as suggested 

in the interviews, may be particularly valuable because procurement and distribution partnerships 

can create a pathway to revenue that reduces dependence on repeated equity fundraising. 

 

8. Limitations and Directions for Further Research 

This study has four principal limitations. First, the survey is a convenience style ecosystem sample 

from Lagos and is not representative of African AI startups as a population. Second, the survey 

measures perceptions and self-reported performance rather than audited financial outcomes. Third, 

the qualitative evidence is based on the interviews, so it provides depth but not saturation. Fourth, 

the secondary funding evidence comes from industry trackers and reports rather than a unified 

transaction level dataset. These constraints limit causal claims and continent-wide generalization. 

Future research should assemble a firm level panel of African AI startups, coding founder origin, 

investor geography, financing instrument, deal size, sector, revenue model, compute intensity, 

customer geography and survival outcomes. Such a dataset would allow tests of whether AI labeled 

firms actually obtain larger or faster rounds than comparable technology firms and whether firms 

with stronger local market alignment have better post investment survival. A particularly useful 

extension would compare frontier AI and applied AI ventures across Nigeria, Kenya, Egypt, South 

Africa and selected smaller ecosystems to test whether the same capital fit mechanisms recur 
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across markets. 

 

9. CONCLUSION 

The evidence does not support a simple claim that Africa is being bypassed by the global AI 

investment boom. Capital is reaching African technology ventures, AI funding has rebounded from 

its recent trough, and foreign investment is perceived locally as valuable for growth, credibility, 

infrastructure and expertise. Yet the evidence also does not support the opposite claim that global 

AI enthusiasm is automatically solving Africa’s financing problem. 

The more accurate conclusion is that global AI interest is creating a selective inflow of capital into 

an ecosystem where local market realities remain decisive. Funding is concentrated 

geographically; equity is more selective than headline funding totals imply; AI capital is volatile; 

and local respondents perceive policy readiness as substantially weaker than the benefits 

associated with foreign capital. The interviews add a practical explanation: foreign investors can 

simultaneously expand a startup’s ambition and import assumptions that do not hold locally. 

For African AI, therefore, the central investment question is one of alignment. The most 

sustainable opportunity is unlikely to come from reproducing the capital-intensive frontier AI 

model of the United States inside African markets. It is more likely to come from applied AI that 

is deeply integrated into fintech, agritech, logistics, health and other sectors; designed around local 

data and distribution; engineered for infrastructure and affordability constraints; and financed with 

a blended capital stack appropriate to the venture’s cash flows. The Local Alignment AI 

Framework proposed here provides a practical basis for testing that proposition. In this sense, 

Africa’s opportunity is not to follow the global AI funding cycle mechanically, but to convert AI 

interest into forms of capital and innovation that fit the continent’s own economic realities. 

 

REFERENCES 

Cumming, D., Deloof, M., Manigart, S., & Wright, M. (2019). New directions in entrepreneurial 

finance. Journal of Banking & Finance, 100, 252–260. 

https://doi.org/10.1016/j.jbankfin.2019.02.008 

Gwagwa, A., Kraemer Mbula, E., Rizk, N., Rutenberg, I., & De Beer, J. (2020). Artificial 

intelligence (AI) deployments in Africa: Benefits, challenges and policy dimensions. The 

African Journal of Information and Communication, 26, 1–29. 

https://doi.org/10.23962/10539/30361 

Hossain, M. (2020). Frugal innovation: Conception, development, diffusion, and outcome. Journal 

of Cleaner Production, 262, 121456. https://doi.org/10.1016/j.jclepro.2020.121456 

Hossain, M. (2022). Frugal entrepreneurship: Resource mobilization in resource constrained 

environments. Creativity and Innovation Management, 31(3), 509–520. 

https://doi.org/10.1111/caim.12502 

Kabengele, C., & Hahn, R. (2025). Venture capital funding in Africa: A mixed methods study of 

evolving ecosystems and financial discrimination. Journal of International Business Studies, 

56, 777–794. https://doi.org/10.1057/s41267 025 00788 w 

Kondo, T. S., & Diwani, S. A. (2023). Artificial intelligence in Africa: A bibliometric analysis 

from 2013 to 2022. Discover Artificial Intelligence, 3, Article 34. 

http://ijbmer.org/


International Journal of Business Management and Economic Review 

                                                                                                                           Vol. 9, No. 05; 2026 

                                                                                                                               ISSN: 2581-4664 

http://ijbmer.org/ Page 32 
 

https://doi.org/10.1007/s44163 023 00084 2 

Levänen, J., Hossain, M., & Wierenga, M. (2022). Frugal innovation in the midst of societal and 

operational pressures. Journal of Cleaner Production, 347, 131308. 

https://doi.org/10.1016/j.jclepro.2022.131308 

Liedong, T. A., Peprah, A. A., Amartey, A. O., & Rajwani, T. (2020). Institutional voids and firms’ 

resource commitment in emerging markets: A review and future research agenda. Journal of 

International Management, 26(3), 100756. https://doi.org/10.1016/j.intman.2020.100756 

Luiz, J. M., Magada, T., & Mukumbuzi, R. (2021). Strategic responses to institutional voids 

(rationalization, aggression, and defensiveness): Institutional complementarity and why the 

home country matters. Management International Review, 61, 681–711. 

https://doi.org/10.1007/s11575 021 00457 8 

Mkalama, B., & Ouma, S. (2025). Making sense of funding inequalities in the venture capital 

space: A state-of-the-art review paper with views from Africa. Socio Economic Review, 

23(2), 1013–1037. https://doi.org/10.1093/ser/mwaf007 

Okolo, C. T., Aruleba, K., & Obaido, G. (2023). Responsible AI in Africa—Challenges and 

opportunities. In D. O. Eke, K. Wakunuma, & S. Akintoye (Eds.), Responsible AI in Africa 

(pp. 35–64). Palgrave Macmillan. https://doi.org/10.1007/978 3 031 08215 3_3 

Sinde, R. S., Diwani, S. A., Leo, J., Kondo, T., Elisa, N., & Matogoro, J. (2023). AI for 

Anglophone Africa: Unlocking its adoption for responsible solutions in academia private 

sector. Frontiers in Artificial Intelligence, 6, 1133677. 

https://doi.org/10.3389/frai.2023.1133677 

Sydow, A., Cannatelli, B. L., Giudici, A., & Molteni, M. (2022). Entrepreneurial workaround 

practices in severe institutional voids: Evidence from Kenya. Entrepreneurship Theory and 

Practice, 46(2), 331–367. https://doi.org/10.1177/1042258720929891 

Partech Partners. (2026). 2025 Africa Tech Venture Capital report. 

https://partechpartners.com/africa reports/2025 africa tech venture capital report 

Disrupt Africa. (2026). African Tech Startups Funding Report 2025. 

https://disruptafrica.com/research/ 

 

 

 

http://ijbmer.org/

	1.1 Research questions
	2. Literature Review and Theoretical Framing
	2.1 Venture capital allocation and unequal access
	2.2 Institutional voids and the cost of operating locally
	2.3 Frugal innovation and applied AI
	2.4 AI adoption in African contexts

	3. Methodology
	3.1 Secondary funding trend evidence
	3.2 Survey sample and measures
	3.3 Interview and qualitative analysis

	4. Results
	4.1 African funding trend: recovery without broad based equity expansion
	4.2 Survey evidence: foreign capital is valued, but enabling conditions lag
	4.3 Exposure to international markets does not eliminate the local fit problem
	4.4 Interview evidence: foreign capital creates both leverage and pressure

	5. Discussion
	5.1 Capital is arriving, but the composition matters
	5.2 AI labels can attract capital without solving the business model
	5.3 The local market is not merely a constraint; it can be the source of advantage
	5.4 Why the funding disconnect persists

	6. The Local Alignment AI Framework
	7. Implications
	7.1 Implications for founders
	7.2 Implications for investors
	7.3 Implications for policymakers
	7.4 Implications for development finance and ecosystem builders

	8. Limitations and Directions for Further Research
	9. Conclusion
	References

